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http://www.youtube.com/watch?v=vFSHxn_G2iQ
https://prtimes.jp/main/html/rd/p/000003399.000002581.html
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http://www.youtube.com/watch?v=mc7HXXQ8P7Q
https://www.youtube.com/watch?v=mc7HXXQ8P7Q
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Arakawa et al., “Digital Speech Makeup: Voice Conversion Based Altered Auditory Feedback for Transforming Self-Representation” ICMI 2021.
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https://www.softbank.jp/corp/news/press/sbkk/2024/20240515 01/



http://www.youtube.com/watch?v=0H7BQz3khNQ
https://www.softbank.jp/corp/news/press/sbkk/2024/20240515_01/

Spatial voice conversion°
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Two persons are speaking to me (woman from left, man from right.)

Converts de5|red speaker S v0|ce‘(left in demo) without changmg other info.

Seki et al., “Spatial Voice Conversion: Voice Conversion Preserving Spatial Information and Non-target Signals,” Interspeech, 2024.
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Neural speech restoration
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Takaaki Saeki et al., "SelfRemaster: Self-Supervised Speech Restoration for Historical Audio Resources," IEEE Access, 2023.
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https://docs.google.com/file/d/1WG9spg8ENCdATU_MmcV147XsiCaz7l6d/preview
https://sites.google.com/view/ninjal-disciplinary-prj-2023
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Y. Matsunaga et al., "Improving robustness of spontaneous speech synthesis with linguistic speech regularization and pseudo-filled-pause insertion," Proc. SSW, 2023.
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Detai Xin, et al., "Laughter synthesis using pseudo phonetic tokens with a large-scale in-the-wild laughter corpus," INTERSPEECH, Dublin, Ireland, Aug. 2023.
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Watanabe et al., "Mid-attribute Speaker Generation using Optimal-Transport-based Interpolation of Gaussian Mixture Models," Proc. ICASSP, 2023.
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https://www.i.u-tokyo.ac.jp/news/files/ist pressrelease 20221003 takamichi s.pdf



http://www.youtube.com/watch?v=oWo-TabDt8w
https://www.i.u-tokyo.ac.jp/news/files/ist_pressrelease_20221003_takamichi_s.pdf
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http://www.youtube.com/watch?v=gimjKzBJv8I
https://www.ah-soft.com/synth-v/
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Nakamura: “jaCappella Corpus: A Japanese a Cappella Vocal Ensemble Corpus,” ICASSP, 2023.
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Take et al., “Audio Effect Chain Estimation and Dry Signal Recovery from Multi-Effect-Processed Musical Signals,” DAFx, 2024.
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Watanabe et al., “COCO-NUT: Corpus of Japanese Utterance and Voice Characteristics Description for Prompt-Based Control,” ASRU, 2023.
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Suda et al., “Who Finds This Voice Attractive? A Large-Scale Experiment Using In-the-Wild Data,” Interspeech, 2024.
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Okamoto et al., “Environmental Sound Synthesis from Vocal Imitations and Sound Event Labels,” ICASSP, 2024.
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Okamoto et al., "Onoma-to-wave: Environmental sound synthesis from onomatopoeic words," APSIPA transactions, 2022.
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Ohnaka et al., "Visual onoma-to-wave: environmental sound synthesis from visual onomatopoeias and sound-source images", ICASSP, 2023.
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